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Peering into the crystal ball of the disengaged: What happens
to students that do not submit an early assessment item?
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Established first year design principles highlight the need to provide early response systems for students who
appear to be disengaging with targeted communication regarding available support services. One thousand,
one hundred and s students were identified in session 1 that either: did not submit a pre-census early
assessment item; or had limited learning management system activity. These students were then offered timely
support, including on-the-spot advice and referral to other pre-existing support structures within the
University. Students were identified from 77 subjects offered to commencing students, taught across 182
offerings. Of the students identified, 607 chose to defer or withdraw from their studies while 554 students
remained. This raises the question, what became of those remaining students?
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Introduction

The expansion of participation in Higher Education has resulted in an increasing number of students from non-
traditional backgrounds undertaking tertiary studies (Edwards & McMillan, 2015; Stone, 2019). This increased
participation has coincided with an exponential growth in online education (Stone, 2019) which offers these students
the opportunity to be able to study a university degree. However, despite a widening participation agenda and the
introduction of new flexible modes of learning, the literature indicates that institutions find it difficult to provide the
right environment for these students to be successful (McKay & Devlin, 2014; van der Meer et al., 2018). Wider
literature argues that for this group to be successful, Universities need to develop targeted programs and support
mechanisms that recognise the challenges that are faced by students from a low socioeconomic status (SES)
background (Cardak et al., 2017; van der Meer et al., 2018).

Established First Year design principles highlight the need to provide early response systems, with targeted
communication regarding available support services, for students who appear to be disengaging (Kift, 2008; van der
Meer et al., 2018). Many retention programs implement timely student contact through a range of communication
tactics: Outreach calling teams, SMS, Electronic Mailer, and Learning Management Systems (LMS) notifications.
Despite many Universities establishing this functionality to support retention, little is known about the specific details
of what is effective, particularly in the context of low SES students.

Assessment and feedback drive student learning in higher education and students frequently use assessment to define
what is important in the curriculum. Early assessments can help to engage students with the subject in the early weeks
of the teaching session when they provide an opportunity for students to complete tasks that help them transition from
previous educational experiences into university study. At the same time, early assessment can help identify students
who are not engaged in the subject and are thus at risk of failure or withdrawal. This is especially important for online
students who may have reduced contact with staff or students (Kift, 2009; Kift & Moody, 2009).

There is a multitude of published studies describing complex algorithms and models that predict (with varying levels
of accuracy) the likelihood of a student failing their subjects or leaving University (Wolff et al., 2013; Lacave et al.,
2018; Lu et al., 2018; Tempelaar et al., 2018). One constant throughout these studies is the difficulty in modelling the
myriad interactions between learners and learning design as well as the challenge, possibly insurmountable, in finding
a one-size-fits all model to apply at scale. Approaching from a complex systems perspective can lead to promising
results by applying simple rules that take into account a carefully chosen mix of data (Foster & Siddle, 2019).

A key finding from a Charles Sturt University pilot study (Linden & Webster, 2019) was the critical importance of a
pre-census assessment item. The use of learning analytics alone as a “trigger” to identify and contact disengaged
students simply did not perform as well in terms of improving overall subject progress rates. It is clear that
incorporation of such an early, low stakes assessment item is aligned with established first year design principles and
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can be used as a key measure of student engagement. The aim of this project is to investigate what happens to
students that do not submit an early, pre-census assessment item; and monitor progress across the first year of
enrolment.

Methods

In session 1 of 2019 a university-wide system was established that identified disengaged students in the critical
census period. Seventy-seven subjects from across the 3 Faculties were included in the project, which encompassed
almost all commencing undergraduate students enrolled in session 1 of 2019. The engagement of 12, 673 students
was monitored and the 1161 students identified as disengaged were proactively contacted and offered on-the-spot
advice and referral to a variety of support services.

Student disengagement triggers

Student disengagement was detected using one of two ‘triggers’: non submission of an early, pre-census assessment
item, and for the subjects without an adequately timed assessment, the level of LMS activity. The value of the early
assessment items ranged from 0.7% to 20% and had to be due in Week 3 or Week 4 (prior to the census date on the
Friday of week 4). For subjects without an early assessment item LMS activity was used to indicate student
disengagement by combining a variety of metrics to create a picture of the student. These included: the number of
subject outline accesses and the number and recency of subject LMS site log-ins.

Following the due date for each early assessment item a list of students who did not submit the task was generated by
the Retention Team either from the LMS directly or from the subject coordinator. If accessed from the LMS, the lists
were cross-checked by teaching staff. Once checked, the call lists were forwarded to the Student Outreach Team to
make contact with the students.

Contact process

The Student Outreach Team (comprised of trained current university students) phoned students during business hours
throughout Weeks 3 and 4 of session 1. If the first call was not answered, a second call was made the following day
(or several hours later if the following day was not possible). If neither call was answered, an email was sent to the
student that: notified them of the attempted contact, linked to support services and explained the importance of the
census date. Where phone contact was successful, the Outreach Team discussed the missed assessment and offered
assistance in the form of on-the-spot advice, or links to other support services as appropriate. The exact content of the
conversations was varied and hence difficult to summarise; improvements in documentation and reporting of each
call/contact will enable thematic analyses to be conducted in the future.

Findings & Discussion

One thousand one hundred and sixty-one students were identified as disengaged by the Retention Team and placed on
the calling list for contact by the Outreach Team. The team spoke with 19% of these students (n=254) over the phone.
Of the 1161 students, 61% (n=704) were commencing their studies in session 1 and; 31% (n=356) were from low
SES backgrounds based on their postcode of primary residence (or prior residence if recently moved to study). This
was considerably higher than the proportion of low SES students in the whole cohort (26%).

Comparing Submission vs Non Submission of Early Assessment Items

Subject performance of 7218 students enrolled in the 49 subjects that included an early assessment item and is
represented below in Figure 1. This includes all students; those that did submit the early assessment item (Figure 1),
and those that did not (Figure 1). Of note is the high number of student withdrawals (WD) prior to the census,
irrespective of early assessment item submission. This supports data from earlier pilot studies that indicated that a
high proportion of students are still updating their subject enrolments in Weeks 1 and 2 of session (Linden &
Webster, 2019), leading to difficulty in identifying students who are genuinely disengaging. Literature shows the
efficacy of ‘at-risk” models to accurately determine student disengagement with only two weeks of data is very poor
(Kuzilek et al., 2015; Foster & Siddle, 2019). It is therefore important not to target campaigns too early. Of the
approximately 6,500 students that did submit the early assessment item, only a small proportion failed, and the vast
majority scored a passing grade (Figure 1).
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Figure 1. Grades of all 7218 students enrolled in subjects with an early assessment item. Approximately 6,500
students submitted an early assessment item (left) and 718 students did not submit the early assessment (right)

Of the 718 students identified as disengaged from non-submission of an early assessment item in session 1, 46%
(n=340) enrolled in subjects in session 2. However, only 13% (n=90) of students remained after the session 2 census
date and only 6% (n=44) went on to pass all subjects in session 2 (n=44). This further strengthens the case for using
this method as part of a university’s targeted support service strategy.

Comparing Methods of Identifying Disengaged Students

When comparing the two “triggers” for identifying disengaged students pre-census, the results from this study
demonstrate that non submission of an early assessment item is more accurate than LMS access, particularly for
commencing students who have no prior academic history (Table 1). This is supported by Wolff et al. (2014), who
found that failure, including non-submission of the first assessment item, was the most important aspect of academic
performance data in developing a university wide at-risk model.

Outcomes of Disengaged Students

Of all the disengaged students identified through both methods, 24% went on to pass the subject and 22% of students
received a fail grade (Table 1). Six hundred and seven students (51%) altered their enrolment by either removing the
subject for which they were identified, deferring their study, or withdrawing from the University. If students are
supported to make a well-informed decision about their enrolment prior to the census date, it is widely accepted that
many will avoid unnecessary fail grades and student debt (Cherastidtham & Norton, 2018; Barnes, Macalpine &
Munro, 2012; Department of Education and Training, 2017).

Table 1. Subject grades for students identified as disengaged via non-submission of an early assessment item
and via no/limited LMS activity

Total number of Number of students who [Number of students with
disengaged students did not submit an early  no/limited LMS activity
identified assessment item

Total 1161 718 443

'Withdrew from the subject 607 51%) 411 (57%) 196 (41%)

Failed the subject 262 (22%) 172 (24%) 90 (19%)

Passed the subject 292 (24%) 135 (19%) 157 (33%)

Detailed breakdown of

passing grades

HD 10 (1%) 3 (0.4%) 7 (1%)

DI 65 (5%) 32 (4%) 33 (7%)

CR 83 (7%) 40 (6%) 43 (9%)

PS 134 (11%) 60 (8%) 74 (16%)
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Comparing Types of Early Assessments

Of the subjects that included a pre-census early assessment item, assessments could be divided into two broad
categories: an assignment that involved a writing task (n=21 subjects), or an online multiple choice quiz (n=21
subjects). The weighting of early assessment items was highly variable ranging from 0.7% to 20%. The writing tasks
tended to have a higher weighting and required more effort than online quizzes. The 411 students who withdrew from
the subject following non-submission of the early assessment item were almost equally divided into the written task
group (48%) and the online quiz group (52%). This suggests that the assessment type and weight did not play a
significant role in the students’ decision to leave the subject. Very similar results are seen when the groups of passing
and failing students are interrogated (Table 2). These findings warrant deeper analysis and interpretation; however,
this initial analysis seems to indicate that the type and value of an early assessment item are not critical in determining
student engagement in the pre-census period.

Table 2. The proportion of students identified as disengaged due to non-submission of a written task,
compared with non-submission of an online quiz

Number of disengaged [Number of disengaged Number of disengaged
students who passed the students who failed the |students who withdrew
subject subject from the subject

Number of students who 71 (52%) 86 (50%) 198 (48%)

did not submit written task

Number of students who 64 (48%) 86 (50%) 213 (52%)

did not submit online quiz

Total number of disengaged (135 172 411

students

Successful Contact and Differing Outcomes

Nineteen percent of students (n=135) who did not submit the early assessment item were spoken to over the phone by
the Outreach Team (Table 3). These students had a significantly higher likelihood of passing the subject compared to
those who did not answer the call (35% vs 15% respectively, Table 3). This is consistent with research involving a
similar targeted support program by Barnes, Macalpine and Munro (2012). Whether this is a direct result of the
contact or perhaps related to inherent characteristics of the students who answer the call, versus those who do not, is
impossible to know. Regardless, increasing contact success rate with disengaged students should be attempted in
order to improve progress rates.

Table 3. Deeper analysis into academic outcomes of students who did not submit an early assessment item.
Grade distribution comparison between those who spoke with the calling team compared with those who did
not speak with the calling team

Spoke with calling team Did not speak with calling team
Total 135 583
Pass 47 (35%) 88 (15%)
Fail 37 (27%) 135 (23%)
Withdrew 51 (38%) 360 (62%)
Conclusion

This study provides further evidence that pre-census assessment items, used in Week 3 and 4, are effective at
identifying disengaged students for the purpose of targeted student support to improve retention and should be
included in student at risk models. Initial analysis suggests that the type and value of the assessment does not seem to
matter when used to identify disengaged students. We found that students are more likely to re-engage and have better
academic outcomes if they speak with trained outreach staff members. Therefore, further research is warranted into
innovative ways of maximising successful student contact with the disengaged, such as two way SMS. We propose
that incorporating synergistic overlay of the curriculum (through early assessment) and student support in the pre-
census window is a way to improve retention.
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